
Easy to optimize: k-shortest paths, 

Simplex method.
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Siamese CNN for patch comparison Results

 We proposed a way to estimate detection associations in the context of multiple

target tracking.

 We stacked the image and optical flow channels and fused contextual

features with the last fully connected layer for increased accuracy.

 We showed that a simple tracking framework outperforms complex models when

fed with accurate information.

ConclusionsTracking with Linear Programming
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Quantitative evaluation on MOTChallenge 2015 test set [2], www.motchallenge.net

LP2D: uses only distance between bounding boxes

MotiCon: learned motion context from manually designed image features [3]
Can we directly learn the data association?

Much richer representation of the physical interaction between pedestrians
wrt. hand-designed terms of the Social Force Model.

Motivation

Problem: multiple object tracking. Framework: tracking-by-detection
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SiameseCNN: proposed learned costs

Same Linear 

Programming 

framework!
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Sequence dependent

Hard to balance the terms

Hard to optimize

Computationally expensive

Image features

No tuning different terms

We can use an easy-to-optimize tracking framework

Can handle a large variety of sequences

CNN have shown great results for patch comparison Find the set of trajectories by solving 

the minimum cost-flow problem [1]
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